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Introduction

“It seems intuitively obvious to most observers that such high unemployment [in Iraq] creates
unstable social conditions that foster lawlessness, extremism and violence...”

U.S. Agency for International Development, January, 2011

Under- and un-employed members of society are frequently inculpated in the production

of violence during conflict. A simple explanation of this relationship describes those with

limited employment opportunities as angry, disaffected, and prone to engage in affectively

motivated violence. The intuitive appeal of this argument is powerful enough that the

relationship is often simply assumed.

During the recent Iraq war, for instance, unemployed young men were blamed for much

of the insurgent violence. As Michael O’Hanlon, then an adviser to the Iraq Study Group,

explained as violence in Iraq surged, stabilizing the country required creating jobs “so the

unemployed, disenfranchised, angry 20-year-old Sunni man doesn’t pick up an IED and

plant it in the ground...” (C-SPAN 2006). General Raymond Odierno, who would go on

to command all U.S. forces in Iraq, argued similarly: “[i]f [Iraqis] can’t get jobs, they will

turn on us” (Gordon and Trainor 2012: p. 26). The White House formally adopted a

similar position: “Unemployment [in Iraq] is high, which fuels popular dissatisfaction and

may generate sympathy for the insurgency... [and] makes some Iraqis more vulnerable to

terrorist or insurgent recruiting” (Bush 2005: p. 23, p. 32).

More recently, U.S. State Department officials have argued that defeating Islamic extrem-

ism requires “go[ing] after the root causes that [lead] people to join these groups, whether

its lack of opportunity for jobs... [we can] help them build their economies, so they can have

job opportunities for these people” (Harf 2015). The New York Times meanwhile warns

that the Islamic State has “no shortage of unemployed young men who are eager to join

the fight” in poor countries within Africa’s Sahel (Schmitt 2016), without offering a logic of

participation to substantiate its claim. The National Public Radio warns of growing Islamic
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radicalization in places like Kosovo resulting from high unemployment rates (Shapiro 2015).

An alternative explanation with some empirical support centers on a theory of opportu-

nity cost. With limited opportunities for licit employment, affected individuals pursue illicit

opportunities offering greater compensation. In many conflict settings, violent political or-

ganizations are believed to recruit such individuals as mercenaries. This general explanation

has received significant academic attention, and several studies focused primarily on areas

of Africa where agriculture is a major economic sector have produced results consistent with

this general claim.

Yet, firm evidence in support of a general positive relationship between unemployment

and violence in conflict settings has yet to be established. Macro-level empirical analyses

produce conflicting evidence of such relationship while particular micro-level analyses find

in favor of a counter phenomenon: individual combatants tend to be better off socioeconom-

ically than fellow citizens. Alternative theories have been proposed linking unemployment

and the incidence of conflict. A theory of information cost holds that the employed are less

likely than the unemployed to supply state agents information about insurgents and their

activities in exchange for financial reward because they evaluate the potential costs of doing

so differently.

I argue that relevant theories of political violence fail to account for a basic but important

relationship. A well-established body of scholarship in psychology finds that individuals’

employment status bears meaningfully on their emotional disposition and that their affective

(emotional) state1 frequently and predictably influences their judgments and behaviors. Loss

of employment, rather than rendering individuals angry and intent on exacting revenge,

increases feelings of depression, anxiety and helplessness and the strength of belief in the

power of others. Some underemployed members of society may be co-opted by criminal

1Some psychologists use the terms affect, emotion, and mood interchangeably (Forgas 1992) while oth-
ers distinguish between these (see, for instance, Schwarz and Clore (2006); Clore et al. (1994)). In this
manuscript, I follow the former.
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organizations. However, on the whole, these individuals are amongst the most likely to reject

the use of violence because they tend to view the effects of violence more pessimistically and

to be relatively less desirous of retribution.

In this piece, I draw from previously unreleased data from a major, multi-million dollar

survey initiative carried out during most months of the recent Iraq War and find that un-

and under-employed Baghdad citizens were amongst the least likely to support the use of

violence during conflict. I supplement this finding with a series of statistical results consistent

with the central premise of this piece that unemployment sways attitudes toward the use of

violence by shifting affective disposition. Baghdad’s unemployed citizens were significantly

less optimistic than their counterparts and far less likely to indicate that they would engage in

a range of behaviors consistent with the hypothesis that they tended to suffer from diminished

perceptions of efficacy.

While these findings do not establish an effect of employment status on civilian behavior

directly related to violence (e.g. whether an individual elects to join or support an in-

surgency), they substantiate the general attitudinal tendencies of un- and under-employed

citizens toward wartime violence. Previous null findings linking unemployment and wartime

violence may reflect competing effects: although opportunity cost dynamics might result in

greater proportional numbers of potential fighters in areas with the greatest unemployment

rates, the general rejection of the use of violence by citizens in such areas might result in

counteracting and potentially counterbalancing behaviors.

Dominant Theories and Findings on Unemployment and

Conflict

Although the focus of much scholarly attention, the relationship between sub-state conflict

and the availability of licit employment opportunities remains a matter of continued aca-
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demic debate. Empirical analyses have failed to establish a general relationship between

these variables. From a social sanctions logic of participation, Humphreys and Weinstein

(2008: p. 442) hypothesize that individuals enlist in combat when “[t]hey expect to receive

selective incentives from the fighting group.” Insurgent compensation is recognized as one

such incentive (de Mesquita 2013). As Bahney et al. (2013: p. 518) explain, at the level of the

potential fighter, “political economy theories of crime, insurgency, and rebellion posit some

opportunity cost constraint so that the net value of participation must be at least as good

as their next best option... That net value may contain a nonpecuniary component, such as

soothing personal grievance or gaining prestige, but it also contains monetary rewards.”

A set of empirical findings derived primarily through the study of conflicts on the African

continent are consistent with, though not conclusive of, this theory. Miguel et al. (2004) find

that negative economic shocks observed across 41 African countries between the final decades

of the 21st century increased civil conflict likelihood in those countries. While the mechanism

linking these shocks to increased conflict is unidentified, the authors hypothesize that young

men in these countries were “more likely to take up arms when income opportunities [were]

worse for them in agriculture... relative to their expected income as [fighters]” (Miguel et al.

2004: p. 729). Using detailed croplands data, Shaver et al. (2016: p. 18) produce additional

evidence of this mechanism, finding that the “effect of rainfall growth on economic growth

is conditional on how much of a country’s territory is used for agriculture dependent on

rainfall.”

Burke et al. (2009) similarly observe more frequent civil war outbreak in Africa’s sub-

Saharan region during years that experience mean temperature increases, which they suspect

results from temperature’s effects on rainfed agriculture. Relatedly, Jablonski and Oliver

(2013: p. 701) find that levels of modern-day piracy respond to labor market opportunities:

“[I]n countries that produce rice and sugar, the global price of rice and sugar is negatively

correlated with attacks.” Finally, in a study of conflict in Colombia, Dube and Vargas (2013:
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p. 1404) observe that a plausibly exogenous reduction in the price of coffee both “dispro-

portionately reduces the wages and work hours of rural workers in coffee municipalities” and

“increases violence differentially in regions that cultivates coffee more intensively.”

Yet, more general research on the relationship between unemployment and the intensity

of sub-state violence finds differently. Analyzing patterns of violence in Iraq, Afghanistan,

and the Philippines, Berman et al. (2011a) find no association between unemployment and

insurgent attacks. These scholars surmise that their finding might reflect employment’s dual

effects on the opportunity costs facing potential insurgents and information costs associated

with purchasing intelligence from civilians. Counterinsurgency theory holds that information

is central to the outcome of insurgency contests (Galula 2006; Lyall et al. 2015; Berman

et al. 2011b; Shaver and Shapiro 2016; Leites and Wolf Jr 1970; Shapiro and Siegel 2015),

and in various conflict settings, state forces have undertaken significant efforts to procure

information from the public. Berman et al. (2011a) hypothesize that in areas with high levels

of unemployment, counterinsurgents may be more effective in reducing violence because they

can more feasibly source confidential informants.

Studies related to unemployment but focused on socioeconomic status tend to produce

similarly counterintuitive results. Analysis of individual combatants from several surveyed

conflicts concludes that low socioeconomic status fails to predict participation in rebel or-

ganizations. Krueger (2008: p. 36) finds that Hezbollah militants tend to be “better ed-

ucated [and] less likely to come from impoverished families [than relevant segments of the

population].” He identifies a similar profile amongst Hamas militants. de Mesquita (2005)

challenges this latter set of findings on the basis that it may reflect a selection effect: Militant

organizations like Hamas that have access to a large supply of potential recruits can screen

applicants. Although selected applicants may tend to be of higher socioeconomic status,

“one cannot reach conclusions about the composition of the pool of those who are willing

to become terrorists by studying only those who actually [are]” (de Mesquita 2005: p. 515).
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Recent research by Benmelech et al. (2012: p. 113) is consistent with this argument: “High

levels of unemployment enable terror organizations to recruit better educated, more mature,

and more experienced suicide terrorists...”

In all such research, unemployment itself is not itself of interest. Instead, opportunity-

and information-cost theories center on the role of income, for which employment status

proxies. Holding income level constant, employment itself has no theoretically expected

effect on violence. Yet, as I explore in the following section, by affecting citizens’ judgments

and behavior during conflict, employment status itself may have a direct causal effect on

conflict processes independent of the variable’s relationship to income.

Unemployment, Affective State, and Civilian Judgments

and Behavior During Conflict

In this section, I explain why employment status may affect citizens’ affective states during

conflict and, in doing so, influence their judgments and behaviors toward important subjects

like the use of violence by combatants.

Employment and Pychological Disposition During Conflict

A growing number of social scientists are incorporating psychological findings into conflict

studies (Getmansky and Zeitzoff 2014; Blattman 2009; Grossman et al. 2013; Dıaz-Cayeros

et al. 2011; Voors et al. 2012; Halperin 2008; Bar-Tal et al. 2007; Shaver and Bollfrass 2016).

Yet, the relationship between employment status and affective state during conflict remains

unacknowledged. A large body of scholarship within psychology establishes the former’s

effects on the latter (Murphy and Athanasou 1999; Warr et al. 1988; Wasserman 1984;

Marshall 2001; McKee-Ryan et al. 2005; Farré et al. 2015; Friedemann and Webb 1995; Moen
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et al. 1983; Perrucci 1994; Legerski et al. 2006; Clark et al. 2001). Unemployment’s “reliable

(negative) effects on mental health” are well established (Murphy and Athanasou 1999).

In perhaps the most comprehensive study carried out on the subject, McKee-Ryan et al.

(2005) perform meta-analyses of existing cross-sectional and longitudinal studies and uncover

a series of consistent trends: compared with the employed, “[u]nemployed workers [have]

significantly lower mental health... life satisfaction [and] marital or family satisfaction...”; the

reemployed experience “[s]ignificant improvements in mental health [and] life satisfaction”;

and workers display “significant reduction[s] in mental health following job displacement”

(McKee-Ryan et al. 2005: p. 63). These findings, they argue, strongly support “a causal

relationship [given] consistency in results across multiple... studies” (McKee-Ryan et al.

2005: p. 67). Farré et al. (2015: p. 2) identify a causal effect through Spain’s housing

market collapse, which “resulted in exogenous job loss followed by a very low re-employment

probability for the most affected workers.” They show that unemployment increases feelings

of hopelessness and uselessness and the likelihood of mental disorders amongst afflicted

individuals.

Contrary to conventional wisdom, there is little to no evidence that the under- and un-

employed experience increased levels of anger and desire for retribution.2 Instead, research

indicates that such individuals tend to experience a particular set of affective states of nega-

tive valence – “higher levels of depression, anxiety, and general distress, together with lower

self-esteem and confidence” (Warr et al. 1988: p. 64). (See also Gili et al. (2013); Wasserman

(1984); Marshall (2001); Hammarstroem and Janlert (1997); Goldsmith et al. (1996b).) They

are also more likely to experience “a decline in marital satisfaction, and strained parent-child

relationships” (Friedemann and Webb 1995; Moen et al. 1983; Perrucci 1994; Legerski et al.

2006). Furthermore, such effects do not appear transitory. Clark et al. (2001: p. 68) find

2Some scholars have documented a relationship between male unemployment and spousal abuse (e.g.
Kyriacou et al. (1999)). However, other scholars have failed to find evidence of such relationship (e.g.
Jewkes et al. (2002)).
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life satisfaction to be “lower not only for the current unemployed (relative to the employed),

but also for those with higher levels of past unemployment.” (See also Knabe and Rätzel

(2011).)

Warr (1987) and Jahoda (1982) theorize that unemployment generates psychological dis-

tress because, aside from affecting income, it eliminates individuals’ opportunities for control

and interpersonal contact. Conversely, employment“impos[es] a time structure on the day,”

and “encourag[es] activity” (McKee-Ryan et al. 2005: p. 55). Employment’s relationship

with one’s sense of control and purpose relates closely to other findings in psychology link-

ing self-esteem and feelings of anxiety and depression. As Pyszczynski et al. (2003: p. 12)

observe, “[t]here is no more obvious psychological truth than that people want to feel that

that they are worthy and valued... [and] a massive array of empirical evidence has shown

that low self-esteem is associated with poor physical and mental health and that threats to

self-esteem engender anxiety and a host of psychological defenses...” For instance, Greenberg

et al. (1992, 1993) show in a series of controlled laboratory tests that self-esteem has causal

effects on feelings of anxiety. Similarly, Pyszczynski et al. (2003: p. 44) find that self-esteem

“functions to reduce anxiety in stressful situations...”

Citizens forced to bear the externalities of conflict within their societies – from chronic

exposed to violence to the threat of death to persistent lack of electricity or potable water

– are prone to psychological distress. Are the pressures of underemployment attenuated

amongst these individuals, or are they intensified? Although some research indicates that

unemployment’s psychological effects (in the United States, for instance) are moderated

by disparities in the general time schedules of unemployed and employed citizens (Young

et al. 2014), research on psychological resilience in conflict settings strongly suggests the

unemployment’s pressures are likely exacerbated in conflict settings. In particular, wartime

stressors have been shown to be exacerbated amongst more vulnerable populations. Members

of these populations have fewer available resources that would otherwise insulate them from
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the psychological effects of a given source of trauma.

Individuals exposed to conflict are less likely to experience reductions in mental health

when they have access to greater material and psychosocial resources (Hobfoll et al. 2011).

Hobfoll et al. (2006: p. 215) show that following exposure to terrorism, Jewish Israeli

citizens are less likely to suffer post-traumatic stress disorder and depressive symptoms than

Palestinian Israeli citizens who, with fewer available resources, are “hinder[ed] in their ability

to recover and [are placed nearer to the edge] where further resource loss is critical.” Bleich

et al. (2006: p. 9) similarly find that although Arab Israelis “were not targeted by terrorism

and proportionately fewer were killed and injured in the attacks than Jews,” these citizens

“were 2.5 times more likely than Jews to meet PTSD criteria and 5.9 times less likely to be

[traumatic stress] resilient.” Similarly, Kushnir and Melamed (1992: p. 993) find evidence

that amongst Israelis “who began the war with depleted energy reserves, the war situation

imposed a greater emotional burden.”3 Amongst adolescents Khmer refugees exposed to

significant violence under the Khmer Rouge, those who perceived significant social support

after being resettled in the United States exhibited significantly less PTSD and depression

(Berthold 2000: p. 33). Amongst adolescents Khmer refugees exposed to significant violence

under the Khmer Rouge, those who perceived significant social support after being resettled

in the United States exhibited significantly less PTSD and depression (Berthold 2000: p.

33).

By providing workers with a sense of normality, continuity, and social community in

otherwise turbulent and dangerous environments, employment may attenuate wartime stres-

sors. Those without access to regular employment are conversely more vulnerable to these

stressors.

3Similar results relate lack of social support and inferior mental health outcomes following exposure to
disasters (Madakasira and O’Brien 1987; De Jong et al. 2001).
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Affective State, Judgments, and Choice

How does employment status with its effects on affective state matter within conflict set-

tings? Within psychology, scholars have converged on the view that non-conscious, automatic

thinking is a significant determinant of human judgments and behaviors (Kahneman 2011;

Wilson 2004). “According to the modern [psychological] perspective... [the mind] relegates

a good deal of high-level, sophisticated thinking to the unconscious...” (Wilson 2004: p.

6). As a result, much “of the interesting stuff about the human mind – judgments, feelings,

motives – occur outside of awareness for reasons of efficiency...” (Wilson 2004: p. 8).

A particular line of modern inquiry focuses on the non-conscious effects of individuals’ af-

fective states. It is now well established that individuals’ affective states alter their cognitive

tendencies, with specific effects on their judgments, their behaviors, and how they process

information (Clore et al. 1994; Schwarz and Clore 1983; Schwarz and Bless 1991; Han et al.

2007). Importantly, individuals’ emotional states have been repeatedly shown to influence

judgments and decision-making irrelevant to the circumstances responsible for producing

such affective state (Lerner et al. 2015; Schwarz and Clore 1983; Gallagher and Clore 1985;

Lerner and Keltner 2000, 2001; Han et al. 2007; Bodenhausen 1993). Such emotions, which

Han et al. (2007: p. 159) describe as incidental emotions, influence “subjective emotional

experiences that should be normatively irrelevant to present judgments and choices.”4

4There are limits to and bounds on the ways in which affective states influence individuals’ judgments
and choices. According to the Appraisal-Tendency Framework developed and subsequently articulated by
Lerner and Keltner (2000, 2001) and Han et al. (2007), emotions relate to particular cognitive tendencies
through the specific appraisals associated with the former. Thus, for instance, as Han et al. (2007) explain,
emotions like anxiety, which “[are] defined by appraisals of uncertainty and lack of individual control,” can
affect assessments of risk that are unrelated to the source of anxiety but “should not influence judgments of
fairness.” In addition, scholars have found across a series of experimental tests that the effect of particular
incidental emotions is reduced or altogether eliminated if affected individuals are made aware of their cogni-
tive predispositions (Lerner et al. 2015; Schwarz and Clore 1983; Palamarek and Rule 1979). For instance,
Schwarz and Clore (1983) find that individuals interviewed on rainy days reported less happiness and, as an
expected consequence, less satisfaction with their lives (than respondents interviewed on sunny days). Yet,
when such individuals were either asked about the weather in their areas (indirectly primed) or told that the
interview was designed to assess weather’s effects on mood (directly primed) before reporting their happiness
and degree of life satisfaction, the effect of the rainy weather on responses was effectively eliminated.
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Affective state has been shown to influence a variety of cognitive outcomes including

assessments of risk (Lerner and Keltner 2001, 2000); causal judgments (DeSteno et al. 2004);

assessments of value; and depth of thought (Tiedens and Linton 2001). Depression and anxi-

ety, which are common effects of unemployment, are connected to a variety of judgments and

decision-making processes that may affect citizen attitudes and behavior during periods of

conflict. Specifically, by affecting assessments of risk, desire for retribution, and perceptions

of external locus of control, these emotions may lead the under- and un-employed to think

and behave differently than the employed.

Perceptions of risk and desire for vengeance and aggressive policies

Affective state has been shown to influence assessments of risk; willingness to engage in risky

behavior; and desire for retribution. Anxious and fearful individuals, for instance, exhibit

elevated perceptions of risk (Lerner and Keltner 2001). Importantly, risk perception amongst

anxious individuals is heightened even with respect to events that are not personally relevant

to such individuals (Lerner and Keltner 2001, 2000). Lerner and Keltner (2000: p. 483), for

instance, ask angry and, separately, anxious individuals to estimate annual fatality numbers

associated with various causes of death including “brain cancer, strokes, floods” and find

that anxious individuals assign significantly greater risk profiles than do angry respondents.

Of particular relevance to civilians judgments and behavior during conflict are findings

that anger and anxiety manifest through differences in desire for retribution. In a study

of the September 11 terrorist attacks on policy preferences, Lerner et al. (2003: p. 148)

find that angry “respondents supported the (vengeful) [policy of deporting foreigners in the

U.S. lacking valid visas] more strongly and the (conciliatory) contact policy less strongly”

than anxious respondents. Related research ties feelings of anxiety to lower support for

aggressive national security policies. For instance, Huddy et al. (2005: p. 601) find that

although the perception of threat following the September 11, 2001 terrorist attacks was
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“associated with greater support [amongst Americans] for U.S. military intervention, U.S.

over-seas involvement, and approval of Bush”, anxious Americans displayed lower “approval

of President Bush’s handling of the situation and [increased] opposition to military action

and overseas involvement...”

Perceptions of Efficacy

Affective state has also been shown to affect perceptions of self-efficacy and helplessness. Of

particular relevance are findings linking employment status to feelings of hopelessness and

sense of control. Tiggemann and Winefield (1984: p. 38) find that young unemployed individ-

uals exhibit significantly more “helplessness” than their employed counterparts. Goldsmith

et al. (1996a: p. 339) find that over time the unemployed become “significantly less internal,

more external, than the employed.” Layton (1987: p. 149) finds similarly: “the unemployed

[are] more inclined to perceive events as being beyond personal control...” Relatedly, O’Brien

and Feather (1990: p. 151) find that quality of employment matters: “[S]chool-leavers who

obtained good quality employment were compared with those who were unemployed, they

had... higher internal control.” Yet, the effects of unemployment appear to extend be-

yond perceptions of self-efficacy. For instance, Legerski et al. (2006: p. 1532) find that

laid-off steelworkers unable to find subsequent work expressed significantly greater belief in

“[p]owerful [o]thers” than their counterparts who were reemployed or retired.

During periods of civil conflict, citizens frequently face choices that are likely to be in-

formed by their assessments of risk, desires for retribution, and expectations of the outcomes

of their actions. Activities such as providing logistical support to combatants and sharing

intelligence carry the threat of retaliation by opposition forces.56 By influencing cognitive

5In instances in which they are coerced into such activities, the decision to resist carries risk.

6In one wave of the survey around which the empirical strategy section of this paper is based, for instance,
a plurality of respondents indicate that their decision not to report information to counterinsurgents was
based on their “[concern] about revenge.”
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processes, affective state is likely to influence observed civilian behavior during war.

Empirical Strategy and Data

I carry out three complementary sets of statistical tests designed to determine whether the

observable implications of the theory align with the results of these tests. The first of

these seeks to assess whether employment level affected Iraqi civilians feelings of pessimism.

The second set analyzes responses to a series of questions intended to assess perceptions of

efficacy. Finally, the last assesses unemployment’s effects on Iraqi attitudes toward the use

of violence against multi-national forces.

Data

I test the hypotheses presented above in the Iraq War context, drawing from the following

three datasets. The first two of these have not yet been released to the academic community.

Baghdad Civilian Survey Data

Under U.S. military contract, a local Baghdad survey firm, the Independent Institute for

Administration and Civil Society Studies (IIACSS), surveyed residents of Baghdad city and

surrounding rural enclaves for most months of a five-year period during the war. This initia-

tive resulted in responses from more than 175,000 citizens domiciled across 467 survey blocks

within the city’s ten mahalas (neighborhoods). Data collected by the firm was authorized

for release by the U.S. Department of the Army for the purpose of this and related research

projects and is being concurrently introduced by Klor et al. (2016).

Survey respondents provided data on a wide variety of topics. Of particular relevance,

citizens expressed their degree of support for the use of violence against political entities

including Coalition forces. They also described how they expected conditions related to
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security, government effectiveness, job availability and, separately, public goods to change

over the coming months. They discussed their employment status and provided the number

of hours, if any, they worked each week. Respondents also supplied various demographic

details.

Although the U.S. military financed the initiative, IIACSS employed Iraqi enumerators

introduced themselves to participants as unaffiliated researchers. Sampled households were

selected using a “multi-stage probability-based” design. (Complete design details are pro-

vided in the appendix). Only adults (those at least eighteen years of age) were selected for

interviews. The last-birthday selection method was used to sort amongst adults in households

with more than one such member. To increase the rate of response amongst women, survey

teams comprised both male and female enumerators. Each monthly survey was pretested

using a sample of twenty households throughout the Baghdad metropolitan area.

According to this data, during the war, only approximately 16% of respondents reported

being unemployed while nearly 50% reported being either unemployed or having access to

only part-time employment.7

Insurgent Violence

Data on insurgent violence is drawn from the U.S. Defense Department’s official record of

significant activities, which include insurgent attacks carried out against American, Iraqi,

and other Coalition partners’ forces throughout the Iraq War. The data covers the period

December 2003 through the end of December 2011, when the final set of American forces

formally ended Operation Iraqi Freedom. This data was released to me by the Department

for the purposes of this and related research projects and is being released with this article.

7Individuals who identify as students, housewives, or retirees are excluded from this calculation. Some
individuals who lost employment during the war may have reported belonging to one these non-labor market
categories instead of identifying as unemployed. Any such cases would bias downward the un- and under-
employment rates reported here.
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Figure 1: Distribution of all recorded Iraq war insurgent attacks in Baghdad across the 476
survey blocks used by IIACSS. Data sources: U.S. Central Command; IIACSS.

According to that data, 37.44% of all attacks recorded throughout the war involving direct

fire, indirect fire, improvised explosive devices, surface-to-air fire, and unexploded ordnances

(233,025 in total) took place within Baghdad province.

To illustrate the first two datasets, in Figure 1 I overlay IIACSS survey blocks with

individual insurgent attacks throughout the war.
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Civilian Casualties

Data on sectarian violence is provided by Condra and Shapiro (2012) and were produced

through a multi-year collaboration between Iraq Body Count and Princeton University.

These data estimate sectarian casualties using media reports of civilian deaths and cover

most months of the war.

Empirical Strategy

Expressions of Optimism

If un- and under-employed citizens in conflict settings are emotionally dispositioned as in

non-conflict settings, they should display greater feelings of pessimism toward future events.8

I first associate employment status with expressed pessimism toward future conditions of a

variety of subjects. Specifically, I test a series of eight equations, jointly expressed as follows:

Y l
i = γl0 + γl1Xi + γl2Z

′
i + γl3Vji,ki + γl4Sji,ki + ϑlji + τ lki + εi (1)

where i represents Baghdad respondents {1, . . . , p}. This set of individuals includes all

respondents who report being either employed in the public or private sectors or unem-

ployed. Individuals who self-identify as students, housewives, and retirees are excluded from

the analysis. j and k denote Baghdad neighborhood survey blocks {1, . . . , q} and dates

of response {1, . . . , r}. ji and ki represent respondent i’s unique neighborhood block and

response date.

For the first seven regressions, l represents survey questions {1, . . . , s} through which

8Forgas and Moylan (1987), for instance, show that, relative to happy, aggressive, and control subjects,
sad individuals display the greatest pessimism over the likelihood of future events, assigning the least like-
lihood to the “avoidability of nuclear war, the performance of the economy, [and] improvements in their
personal fortunes” (Forgas and Moylan 1987: p. 473). Lerner and Keltner (2001) similarly find that, relative
to happy and angry subjects, fearful individuals display much greater “pessimism about future life events.”
Similar findings are reported by Lerner et al. (2003) and Lerner and Keltner (2000).
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respondents are asked to assess how they expect “conditions of the following... to change

in the next 3 months[:] Overall conditions in Baghdad, [o]verall conditions for your family,

[e]ffectiveness of the government, [a]vailability of jobs, [a]vailability of electricity, [s]ecurity,

[and the] ability of the [Iraqi police] to provide security.” In the eighth regression, using

eigendecomposition, I calculate the principal component accounting for the greatest multi-

variate variability (across the seven correlated responses) and include its vector of scores as

the dependent variable.

Allowable responses give by the outcome variable Yi fall on a five-point Likert scale and in-

clude “Much Worse”, “Somewhat Worse”, “Same”, “Somewhat Better”, and “Much Better”.

Reponses of “Don’t Know” were recorded by enumerators but eliminated for this analysis.

The reported number of hours worked per week is given by Xi and is winsorized for values

above 80.9 Zi is vector of individual respondent controls included to eliminate likely sources

of omitted variable bias including respondents’ individual household income (weighted by

household size), education level, gender, age, household size, and past perceptions of the

same subject over the past three months (e.g. past perceptions of government effectiveness)

and are likely correlated with employment status and potentially associated with patterns of

expressed sentiment. Past seven-day averages of incidents of insurgent violence carried out

against Coalition and Iraqi Government forces and sectarian casualties are given respectively

by Vj,k and Sj,k.

Survey block fixed effects control for time-invariant characteristics specific to each block.

As Figure 1 depicts, survey blocks are very small geographic units – there are approximately

52 survey blocks within each of Baghdad’s nine neighborhoods. Thus, individuals living

within any given block are immediate neighbors and likely to share a number of unobserved

characteristics. For instance, although Baghdad experienced significant resettlement pat-

terns throughout the conflict, at the level of the survey block, residents are likely to share

9Estimates are also calculated using non-winsorized data and are reported in the appendix.
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ethnic identity. Thus, these controls likely account for much sectarian (and other forms of)

heterogeneity that might otherwise bias estimates.

Similarly, by absorbing across-time variation, date-of-response indicators reduce potential

bias by permitting estimates of interest to be derived on the basis of within-survey date

variation. Estimates are calculated by grouping and comparing responses based on the

exact day in which they were given. Finally, standard errors are clustered at the level of the

survey block.

Subjects vary considerably across these questions. Yet, each such question requires re-

spondents to make assessments reflecting their general states of optimism. This attractive

feature of the data makes for more credible inference – were a particular variable omitted

from the model to raise doubt about the estimated association between employment status

and a given expected future state (say, that of government effectiveness), such variable may

have no relationship with other expected future states (say, that of overall conditions for

one’s family). If research findings linking one’s employment status and emotional dispo-

sition are externally valid within conflict settings, employment should associate positively

across these questions with more sanguine assessments.

I next retest the equation above, substituting future expectations with past perceptions.

Subjects such as overall conditions in Baghdad and the effectiveness of the government refer

to more general conditions that can be more objectively measured and are thus unlikely

to be influenced by given respondent’s affective state. If unemployed Iraqis’ pessimistic

assessments of future conditions on such topics are a psychological manifestation of elevated

feelings of anxiety/depression (and not the result of unemployed Iraqis tending to bear, for

instance, a greater brunt of actual government ineffectiveness), then these past assessment

should tend not to correlate with employment status.10

10For tests of future and past perceptions, I also collapse the outcome into a binary measure for the
purposes of generating predicted probabilities using logistic regression results. To do so, I follow the approach
described in testing attitudes toward the use violence.
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Perceptions of Efficacy

Next, I test whether unemployed Iraqi citizens tended to display diminished perceptions of

efficacy by evaluating responses to several relevant questions. Specifically, respondents were

asked: 1) to predict their likelihood of reporting criminal activity to the police if they were

aware of such activity; 2) whether they believe Iraqi police are capable of enforcing the rule

of law in Baghdad without assistance from Iraq’s military; and 3) whether they planned

to vote in an upcoming election. These otherwise largely unrelated questions are similar in

that each is related to perceptions of efficacy. An individual’s propensity to vote or report

crime is likely to be influenced by her or his perception of probable outcomes associated with

such activity. Stronger beliefs that one’s own actions are unlikely to effect change or that

Iraq’s police forces are unlikely to be effective should manifest accordingly in responses these

questions.

To test these hypotheses, I again regress hours worked and the same set of covariates on

responses to these questions. For the question relating to willingness to report crime, I also

include a control for self-assessments of past three months changes in security conditions. In

this way, willingness to report crime is conditioned on both perceptions of past crime levels

and objective measures of insurgent violence and sectarian conflict, both of which might

influence willingness to report crime. Like the questions on pessimism, the varied nature of

the subjects of these questions reduces the likelihood that any single omitted variable related

to employment status and the outcome of interest is driving results.11

11Because the dependent variables in models relating to efficacy are either ordered or binary, results
can also be used to check the results of the linear probability models; e.g: P (PolicePerceptionsi >
q|Xi, Zi, Vvi,ki , Svi,ki) = logit−1(η + ξXi + δZ ′i + θVvi,ki + ψvi + κki), where q = {1, .., 5}. I, therefore,
also carry out and report the results of all such alternative specifications. For the purposes of presenting
predicted probabilities, I also collapse dependent variables in binary measures and generate results using
logistic regression.
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Attitudes Toward the Use of Violence

If desires for retribution and perceptions of efficacy tend to be diminished amongst the

under- and un-employed during conflict, such individuals may be less likely to support the

use of violence against insurgents or state forces because they desire it less and/or tend to

be less hopeful than other members of society that it will result in some favorable outcome

(elimination of the insurgent organization, concessions by the state, etc.).

The data reveal that Baghdad citizens overwhelmingly opposed the Coalition’s presence

and that this sentiment was largely time invariant, as Figure 2 depicts. On the basis of such

universal opposition, Iraqi citizens may have considered violent attacks on Coalition forces

a form of retaliation for the occupation. They may have also viewed the use of violence

against the country’s multi-national occupiers as a legitimate means of bringing about their

withdrawal.

To assess the relationship between support for the use of violence against Coalition forces

and reported employment, it is necessary to first determine whether general opposition to

the Coalition forces’ presence tended to vary amongst citizens with different levels of employ-

ment. Although Figure 2 reveals widespread opposition to their presence, the data presented

in this form provide no clear indication of whether employment status predicts an individ-

ual’s (lack of) support for Coalition presence. For this first analysis, all members of the

workforce are not pooled because there is reason to suspect that support for the Coalition’s

presence increases in employment amongst public sector workers. Specifically, of all Bagh-

dad residents, full-time public sector workers were amongst the greatest beneficiaries of the

Coalition’s presence. There is also a potential selection effect: Iraqis most supportive of the

Coalition’s presence may have been more likely than other citizens to enlist as civil servants

in a government established and closely advised by the multi-national forces.

Thus, to predict this association, I test the following equations:
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Figure 2: Citizen Support for the Coalition’s Presence in Iraq. “Strongly Oppose”, “Oppose”,
“Support”, and “Strongly Supprt” are denoted “s.o.” ,“o”, “s”, and “s.s.”, respectively.
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Tm = ϕ0 + ϕ1Xm + ϕ2Z
′
m + ϕ3Vjm,km + ϕ4Sjm,km + ρjm + υkm + εm (2)

Tmc = ξ0 + ξ1Xmc + ξ2Z
′
mc + ξ3Vjmc ,kmc + ξ4Sjmc ,kmc + ζjmc + ηkmc + δmc (3)

where m represents the subset of Baghdad residents (i) who identify as either unem-

ployed or members of the private sector. (All public sector workers are thus given by the

complement mc.) Tm/mc represents support for the Coalition’s presence and is ordered. Pos-

sible responses include “Strongly oppose”, “Somewhat oppose”, “Somewhat support”, and

“Strongly support”. As before, responses of “Don’t Know” are eliminated.

As described in the results below, the unemployed and members of the private sector

display no difference in their attitudes toward the Coalitions presence as a function of weekly

employment. As expected, public sector workers do, however. Thus, in testing the final and

central hypothesis of the piece, I restrict the data to this first set of respondents. For this test,

I use a linear probability model to estimate the relationship between support for attacks on

Coalition forces and employment status. A modified version of Equation 2 is retested where

independent variable Tm is replaced with the binary variable Wm, representing expressed

support or lack thereof for “attacks against Multi-National Forces.”

Theoretically, I expect the effect of additional hours worked per week on attitudes to

depend on the number of hours a given individual is already working. For instance, the

expected psychological effect of a given laborer’s movement from unemployment to ten hours

of employment per week is expected to be greater than were that same individual to add ten

additional hours of work onto a forty-hour per week work schedule. The former adjustment

is likely to provide a sense of structure previously missing from such individual’s day while

potentially engaging her or him in a new social structure. Any such effects are expected to

be marginal in the latter case.
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I assess the functional relationship in several ways. First, in addition to the linear spec-

ification, I also generate results using various polynomial specifications.12 Next, because

the outcome of interest is binary, I also use logistic regression to estimate the relationship

between employment and support for the use of violence against Coalition forces. I test both

monotonic (P (Wm = 1|Xm, Zm, Vvm,km , Svm,km) = logit−1(ψ0 + ψ1Xm + ψ2Z
′
m + ψ3Vvm,km +

ψ4Svm,km + %vm + ςkm)) and non-monotonic models (P (Wm = 1|Xm, Zm, Vvm,km , Svm,km) =

logit−1(ψ0+ψ11Xm+ψ12X
2
m+ψ2Z

′
m+ψ3Vvm,km+ψ4Svm,km+%vm+ςkm)). To generate predicted

probabilities of support for attacks on Coalition forces for the range of weekly hours indicated

worked observed within the study data are calculated µ = 1/n
∑n

i=1(e
(XT

i β)
/

(e(X
T
i β) + 1)) ∀

work hours h ∈ [0 and 100]. Confidence intervals at the 95% significance level are generated

using quasi-Bayesian Monte Carlo simulation. Finally, to allow for even greater functional

flexibility, I use a semi-parametric, non-linear general additive model (GAM) to estimate the

relationship.

One potential concern with this regression approach is that a positive relationship be-

tween employment status and support for violence might reflect differential exposure to

violence. Although I control for both insurgent and sectarian violence at the neighborhood

level, survey respondents may have differed in their exposure levels. For instance, unem-

ployed citizens seeking work may have spent more time on average in outdoor locations

and/or in public transit and thus were more likely to witness or to be directly affected by

violence. The concern is that such exposure might have shifted attitudes toward the use

of violence. Indeed, Blair et al. (2013), for instance, find that Pakistan’s poorest citizens

tend to express greater dislike for militants than other citizens, which the authors suggest

reflects differential exposure to violence across socioeconomic classes. To control for this

12I select the model that, using likelihood ratio comparisons, is significantly different from all other
specifications. Thus, for instance, I would select a binomial specification if such model were statistically
distinct from the linear specification but higher order polynomial specifications are not distinguishable from
the binomial specification.
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possibility, I supplement this regression with respondents’ reported level of individual safety,

which should condition on any heterogeneous effects of violence across employment level.

Another possible concern is that the unemployed and employed vary in their support for

insurgents (despite not varying in opposition to Coalition presence), potentially influencing

attitudes toward violence directed against counterinsurgents. Fortunately, an indirect mea-

sure of insurgent support can be included in the model to control for any such variation. In

particular, during a subset of survey waves, respondents were asked whether they agreed with

the statement: “[S]ome people think that ‘armed groups’ help make Baghdad safer.” The

indirect nature of this question is desirable in so much as it may have reduced non-responses

that might otherwise have resulted from more explicit wording. I, therefore, supplement the

model by including responses to this survey item.

Results

Pessimism

Results strongly support expectations that Baghdad’s un- and under-employed citizens were

significantly more pessimistic than gainfully employed citizens. Expressed pessimism on all

subjects and reported work hours are positively and significantly correlated. Not surprisingly,

the coefficient on pessimism relating to future job availability is the largest of the estimates –

the unemployed are particularly pessimistic about future employment status. Of particular

relevance, coefficients on all six remaining subjects, many of which are unrelated to a given

individual’s employment status, are very similar, suggesting that employment’s effect on

pessimism is a general one (Figure 3, Table 1). In contrast, and as further expected, except

for those relating to employment, past perceptions of these same subjects do not vary with

employment status (Figure 4, Table 2). Thus, un- and under-employed citizens do not

appear to have been differentially exposed to particular treatments that would have led
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Figure 3: Predicted Probabilities of Pessimistic Future Assessments and Employment Level,
with 95% Confidence Intervals and Rug Plot

them to having experienced, for instance, Iraqi police effectiveness or general conditions in

Baghdad any differently than employed citizens.

Perceptions of Efficacy

Across all three test questions, un- and under-employed citizens displayed diminished per-

ceptions of efficacy. They were less likely to indicate that they would report crime; displayed

less confidence in the ability of local police forces to operate effectively without Iraqi mili-

tary assistance; and were less likely to express plans to vote in upcoming elections (Figure

5, Tables 3, 4, and 5). Results are consistent when logistic and ordered logistic regression

models are used instead (also, Tables 3, 4, and 5).
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Figure 4: Predicted Probabilities of Negative Past Perceptions and Employment Level, with
95% Confidence Intervals and Rug Plot
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Figure 5: Predicted Probabilities of Self-Reported: Intention to Report Crime (upper left)
and Vote (lower left); Perceptions of Local Police Effectiveness (upper right); and Past Voting
(lower right) as Function of Employment Level, with 95% Confidence Intervals and Rug Plot
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Support for Coalition Presence and the Use of Violence Against

those Forces

Amongst public sector employees, attitudes about the Coalition’s presence vary with employ-

ment status, as expected. However, results provide no evidence in support of the hypothesis

that private sector employees and unemployed individuals express greater or less opposition

to the Coalition’s presence as a function of employment. Private sector employees and unem-

ployed individuals were near unanimously opposed to the Coalition’s presence in Iraq, and

such sentiment is not altered by the number of hours an individual spends working (Figure

6, Table 6).

Finally, primary model results are consistent with expectations: support for the use

of violence against Coalition forces increases with reported hours worked (Figure 6, Table

7). Furthermore, consistent with expectation, in the polynomial specification, estimated

attitudes toward the use of violence change most rapidly across lower levels of hours worked

and most slowly across high levels. Predicted probabilities estimated with the generalized

additive model, which impose the fewest restrictions on the relationship, closely follow those

produced using the non-monotonic model results (Figure 9).

The magnitude of the estimated effect is large. As Figure 6 depicts, the predicted prob-

ability of support for attacks on Coalition forces amongst the unemployed is less than 45%.

Predicted support amongst those who report working 40 hours per week exceeds 60%. Gen-

eralized additive model results estimate similar magnitudes of effect. Primary results are

also robust to controlling for respondents’ assessments of personal safety. However, the mag-

nitude of employment status is somewhat attenuated when this variable is added to the

model, perhaps suggesting that both mechanisms may be at play: unemployed citizens have

tended not to support the use of violence against Coalition forces relative to other citizens

both because of their emotional disposition and because they desired not to be affected by
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Figure 6: Predicted Probabilities of Opposition to Coalition Presence (left) and Support for
Attacks on Coalition Forces (right) as Function of Employment Level, with 95% Confidence
Intervals and Rug Plot

future violence.

Robustness

Outliers, Neighborhood Exclusions, and Overtime Workers

Are the results driven by extreme values or specific subsets of the respondent population? To

ensure that neither scenario is responsible for producing the results uncovered, I separately

generate primary regression results 1) using a subset of the data in which outlying values
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are excluded (as determined using Cook’s distance analysis, with a standard 4/n exclusion

threshold); 2) sequentially excluding with replacement each of the ten neighborhoods from

the sample and, finally, 3) using only the subset of respondents who report working between

0 and 40 hours per week. The scientific and statistical significance of the results of all of

these exercises is consistent with the primary results (Tables 9, 10, and 11).

Militants, Their Supporters, and Their Potential Selection into the Private Sec-

tor

One potential concern with the primary identification strategy is that former Baathists and

their respective sympathizers – individuals likely to have strongly supported attacks on

Coalition forces – may have maintained or secured full-time employment within the private

sector following the collapse of Saddam Hussein’s regime with greater success than other

citizens. An association between employment status and support for the use of violence

directed against Coalition forces might then reflect this particular dispensation of the post-

invasion economy. Were this the case, individuals who report greater working hours should

also tend to report greater support for attacks than not only un- and under-employed citizens

but than all citizens not in such favorable position.

To circumvent this concern, I retest the primary hypotheses, comparing unemployed

citizens to adults currently outside the labor market: university students, housewives, and

retirees. Although these individuals who do not work, they should not tend to exhibit the

levels of despondence observed amongst the unemployed. Indeed, some studies in psychology

assessing unemployment effects on psychological outcomes compare students with recent

graduates who were and were not able to secure employment.

I replicate the three sets of statistical tests, including only the unemployed and individuals

who have opted out of the work force. The primary explanatory variable is, therefore,

replaced with an indicator for whether or not a given respondent is out of the work force.
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The results of this exercise are consistent with the primary model results (Tables 12, 13

and 14): Students, housewives, and retirees display significantly less pessimism than the

unemployed; they show significantly greater levels of efficacy; and they are significantly

more likely to support violent attacks on Coalition forces. The single exception relates to

perceptions of police effectiveness. As expected, students, housewives, and retirees display

greater confidence in Iraqi police forces; however, the coefficient is just shy of statistical

significance.

Non-Winsorized Data

Finally, results are unchanged if data on reported employment are not winsorized (Figures

7 and 8).

Connecting Attitudes to Behaviors

This piece focses theoretically and empirically on civilian attitudes during conflict. A next

step in a research agenda seeking to identify unemployment’s effects on conflict processes

through psychological channels involves connecting civilian attitudes to wartime behaviors.

Although respondents in the survey were asked almost exclusively about their attitudes,

opinion, and assessments, there is one exception, which can serve as a preliminary probe

associating employment status with civilian behavior. In a subset of surveys, respondents

were asked about voting during the previous national election. As the empirical results of

this piece show, under- and un-employed Iraqi civilians were less likely to indicate that they

planned to vote in forthcoming elections. I test whether under- and un-employed citizens

were also less likely to indicate that they had voted in previous elections. If their attitudes

toward participation influence their behaviors, then a similar relationship should emerge.

Such test does not establish a causal effect of attitudes on civilian behaviors. Furthermore,

there are limitations of such test that should be acknowledged. Such test assumes that
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respondent employment status at the time the survey matched that at the time of voting.

This may be a reasonable assumption. However, the validity of the assumption cannot be

determined explicitly with the data. Nevertheless, the results of this exercise (Figures 5

and 8) indicate that employment status is strongly and positively associated with reported

past voting behavior. Most striking is the fact that the predicated probabilities of intended

and actual voting track very closely. At least with respect to voting, attitudes driven by

employment status appear to very closely predict behavior.

Conclusion

Unemployment is widely believed to fuel conflict. Drawing from a large and well-established

body of research in psychology, I argue that, because under-and un-employed citizens are

likely to suffer disproportionately from depression and anxiety, in conflict zones these citizens

are likely to make judgments and choices that diverge from those of other citizens. Drawing

from novel Iraq war survey data, I show that consistent with expectation, this class of citizens,

which often constitutes a very large segment of society in areas afflicted by violent conflict,

is consistently more pessimistic about future conditions, less efficacious, and amongst the

least likely to support the use of violence against combatants.

The policy implications of the research are significant. The narrative that joblessness

produce terrorists and insurgents emerged with the first signs of violent trouble in U.S.-

occupied Baghdad and appear to have motivated the massive financial commitment that the

United States made to revitalizing the economies of Iraq and Afghanistan. This narrative

continues to serve as an explanation for why ISIS attracts so many willing recruits.

Although unemployment may affect the intensity and outcome of civil conflict by influ-

encing individuals’ affective states, and, in turn, their behaviors, unemployment may affect

patterns of conflict through other, possibly competing channels as well. To assess the mag-
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nitude of unemployment’s effect on observed conflict through its effects on cognition, future

research might seek to link unemployment to particular wartime behaviors such as informing

to counterinsurgents.
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Appendix

Threats to Inference

The survey consists of direct response questions. Research shows that questions of this sort,
especially on sensitive topics, can lead respondents to provide false answers or refuse to
respond. Despite such possibility, response rates for this survey were very high. Although
the rate varied across surveys, it typically fell between eighty and ninety percent. This is a
very different outcome than has been observed with direct question polling in Afghanistan,
where refusal rates have exceeded fifty percent (Blair et al. 2014). The greater danger is that
gainfully employed individuals, students, housewives, and retirees simply tended to answer
more or less truthfully than underemployed citizens.

A second threat to inference is a product of the physical dangers enumerators faced while
working in Baghdad. In some cases, the perceived threat to their lives posed by militant
organizations operating in particular blocks was great enough that enumerators refused to
enter such areas. The reported number of such blocks per survey, however, was quite small.
For many survey waves, no such restrictions were reported. When they were, the number is
quite small.

Survey Design

The following survey design description is reported in IIACSS’s monthly survey reports:

"Five stages have been sorted to draw the sample. First, number
of interviews has been distributed among census districts (Qada) pro-
portionally. Second, each Qada consist of number of census sub dis-
tricts called (Nahia) which received its share of interviews propor-
tionally, also. Third, nahias consist of many blocks. Blocks [are]
regarded as the primary sampling units (PSU) in the urban areas, with
134 PSUs being selected using probability-proportional-to-size pro-
cedures. 30 interviews [are] conducted in each block. [Surveys are]
[d]istributed among 6 streets (Zukak according to census wording).These
streets [are] selected by using simple random method (fourth stage).
Due to [the fact] that some of Baghdad blocks are considered as com-
mercials areas... [the] sample designer had to drop out these blocks
from the sample frame work."

Question Wording

The following are the translations of the actual questions asked the survey:

Expectations:
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"How do you believe the conditions of the following are likely to
change in the next 3 months?"

• Overall conditions in Baghdad

• Overall conditions for your family

• Effectiveness of the government

• Availability of jobs

• Availability of electricity

• Security

• The ability of IPs and ING to provide security

Past Perceptions:

"How do you feel the conditions of the following have changed in
the past 3 months?"

• Overall conditions in Baghdad

• Overall conditions for your family

• Effectiveness of the government

• Availability of jobs

• Availability of electricity

• Security

• The ability of IPs and ING to provide security

Crime Reporting:

"If you are aware of criminal activity, how likely are you to re-
port it to the Police?"

Iraqi police effectiveness:

"Do you agree with the following statement: the Iraqi Police can
adequately enforce the rule of law in Baghdad without help or assis-
tance from the Iraqi Army?"

Voting:

"Do you plan on voting in the upcoming elections?"
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Figure 7: Predicted Probabilities of Pessimistic Future Assessments and Employment Level,
with 95% Confidence Intervals; Non-Winsorized Data

Support for the Coalition’s Presence:

"How much do you support or oppose presence of Coalition Forces
/ MNF in Iraq?"

Support for Attacks on Coalition Forces:
"Do you support attacks against: Multi-National Forces?"
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Figure 8: Predicted Probabilities of Self-Reported: Intention to Report Crime (upper left)
and Vote (lower left); Perceptions of Local Police Effectiveness (upper right); and Past
Voting (lower right) as Function of Employment Level, with 95% Confidence Intervals; Non-
Winsorized Data
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Figure 9: Predicted Probability of Support for Attacks on Coalition Forces and Employment
Level, with 95% Confidence Intervals; Monotonic, Non-Monotonic, and Generalized Additive
Model Results Compared
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Table 1: Pessimistic Assessments of Future Conditions on Hours Worked, Linear Probability
Model

Question Subject

(Baghdad) (Family) (Gov’t) (Jobs) (Electricity) (Security) (Police) (Principal Component)

Hours Worked −0.018∗∗∗ −0.018∗∗∗ −0.015∗∗∗ −0.022∗∗∗ −0.015∗∗∗ −0.018∗∗∗ −0.018∗∗∗ −0.055∗∗∗

(0.003) (0.003) (0.003) (0.003) (0.003) (0.003) (0.003) (0.008)

Past Perceptions Yes Yes Yes Yes Yes Yes Yes Yes
Sectarian Violence Yes Yes Yes Yes Yes Yes Yes Yes
Insurgent Violence Yes Yes Yes Yes Yes Yes Yes Yes
Demographics Yes Yes Yes Yes Yes Yes Yes Yes
Survey-Date FEs Yes Yes Yes Yes Yes Yes Yes Yes
Survey-Block FEs Yes Yes Yes Yes Yes Yes Yes Yes

Observations 38,164 38,152 37,706 37,958 38,172 38,097 36,365 35,226
R2 0.409 0.351 0.396 0.316 0.341 0.411 0.438 0.339
Adjusted R2 0.397 0.338 0.383 0.302 0.327 0.399 0.426 0.324

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block

Table 2: Past Perceptions on Hours Worked, Linear Probability Model

Question Subject

(Baghdad) (Family) (Gov’t) (Jobs) (Electricity) (Security) (Police) (Principal Component)

Hours Worked 0.004 0.001 0.002 −0.005∗ 0.003 −0.0004 −0.002 0.013∗

(0.003) (0.003) (0.003) (0.003) (0.003) (0.003) (0.003) (0.008)

Future Expectations Yes Yes Yes Yes Yes Yes Yes Yes
Sectarian Violence Yes Yes Yes Yes Yes Yes Yes Yes
Insurgent Violence Yes Yes Yes Yes Yes Yes Yes Yes
Demographics Yes Yes Yes Yes Yes Yes Yes Yes
Survey-Date FEs Yes Yes Yes Yes Yes Yes Yes Yes
Survey-Block FEs Yes Yes Yes Yes Yes Yes Yes Yes

Observations 38,164 38,152 37,706 37,958 38,172 38,097 36,365 37,909
R2 0.361 0.279 0.339 0.212 0.257 0.363 0.389 0.271
Adjusted R2 0.348 0.264 0.325 0.196 0.241 0.350 0.376 0.256

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block
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Table 3: Reported Willingness to Report Crime on Hours Worked, Linear Probability (LPM)
and Ordered Logistic Regession (LRM) Models

(LPM 1) (LPM 2) (LPM 3) (LPM 4) (LRM 1) (LRM 2) (LRM 3)

Hours Worked 0.039∗∗∗ 0.052∗∗∗ 0.051∗∗∗ 0.032∗∗∗ 0.064∗∗∗ 0.091∗∗∗ 0.094∗∗∗

(0.006) (0.006) (0.006) (0.005) (0.006) (0.007) (0.007)

Sectarian Violence No Yes Yes Yes No Yes Yes
Insurgent Violence No Yes Yes Yes No Yes Yes
Demographics No Yes Yes Yes No Yes Yes
Previous Security Perceptions No Yes Yes Yes No Yes Yes
Survey Date FEs No No Yes Yes No No Yes
Survey Block FEs No No No Yes No No No

Observations 32,139 26,057 26,057 26,057 32,139 26,057 26,057
R2 0.005 0.050 0.096 0.277 0.004 0.050 0.107
Adjusted R2 0.005 0.049 0.091 0.257

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block in linear probability models

Survey Date-Block LRM result excluded because of model convergence failure.

Table 4: Perceptions of Local Police Effectiveness on Hours Worked, Linear Probability
(LPM) and Ordered Logistic Regession (LRM) Models

(LPM 1) (LPM 2) (LPM 3) (LPM 4) (LRM 1) (LRM 2) (LRM 3) (LRM 4)

Hours Worked 0.036∗∗∗ 0.047∗∗∗ 0.044∗∗∗ 0.029∗∗∗ 0.049∗∗∗ 0.069∗∗∗ 0.066∗∗∗ 0.047∗∗∗

(0.007) (0.008) (0.008) (0.008) (0.006) (0.007) (0.007) (0.007)

Sectarian Violence No Yes Yes Yes No Yes Yes Yes
Insurgent Violence No Yes Yes Yes No Yes Yes Yes
Demographics No Yes Yes Yes No Yes Yes Yes
Previous Security Perceptions No Yes Yes Yes No Yes Yes Yes
Survey Date FEs No No Yes Yes No No Yes Yes
Survey Block FEs No No No Yes No No No Yes

Observations 28,078 22,885 22,885 22,885 28,078 22,885 22,885 22,885
R2 0.002 0.027 0.056 0.164 0.003 0.031 0.064 0.177
Adjusted R2 0.002 0.026 0.050 0.138

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block in linear probability models
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Table 5: Reported Plans to Vote on Hours Worked, Linear Probability (LPM) and Logistic
Regession (Logit) Models

(LPM 1) (LPM 2) (LPM 3) (LPM 4) (Logit 1) (Logit 2) (Logit 3) (Logit 4)

Hours Worked 0.009∗ 0.008∗ 0.009∗ 0.011∗∗∗ 0.043∗∗∗ 0.038∗∗ 0.045∗∗ 0.066∗∗∗

(0.005) (0.005) (0.005) (0.004) (0.017) (0.017) (0.018) (0.021)

Sectarian Violence No Yes Yes Yes No Yes Yes Yes
Insurgent Violence No Yes Yes Yes No Yes Yes Yes
Demographics No Yes Yes Yes No Yes Yes Yes
Previous Security Perceptions No Yes Yes Yes No Yes Yes Yes
Survey Date FEs No No Yes Yes No No Yes Yes
Survey Block FEs No No No Yes No No No Yes

Observations 5,749 5,726 5,726 5,726 5,749 5,726 5,726 5,726
R2 0.001 0.012 0.035 0.195
Adjusted R2 0.001 0.010 0.027 0.129

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block in linear probability models

Table 6: Support for the Presence of Coalition Forces on Hours Worked, Public and Private
Sector Employees Compared, Linear Probability Model

(Public Sector Employees) (Unemployed and Private Sector Employees)

Hours Worked −0.028∗∗ −0.003
(0.013) (0.005)

Sectarian Violence Yes Yes
Insurgent Violence Yes Yes
Demographics Yes Yes
Survey-Date FEs Yes Yes
Survey-Block FEs Yes Yes

Observations 4,352 7,013
R2 0.177 0.162
Adjusted R2 0.080 0.103

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block
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Table 7: Support for Attacks on Coalition Forces on Hours Worked, Linear Probability
Model

(LPM 1) (LPM 2) (LPM 3) (LPM 4) (LPM 5) (LPM 6)

Hours Worked 0.017∗∗∗ 0.048∗∗∗ 0.044∗∗∗ 0.031∗∗∗ 0.010∗ 0.080∗∗∗

(0.002) (0.005) (0.005) (0.005) (0.006) (0.017)

Hours Worked (Squared) −0.005∗∗∗

(0.002)

Sectarian Violence No Yes Yes Yes Yes Yes
Insurgent Violence No Yes Yes Yes Yes Yes
Personal Safety Perceptions No No No No Yes No
Support for Militias No Yes Yes Yes Yes Yes
Demographics No Yes Yes Yes Yes Yes
Survey-Date FEs No No Yes Yes Yes Yes
Survey-Block FEs No No No Yes Yes Yes

Observations 24,565 11,946 11,946 11,946 7,100 11,946
R2 0.006 0.051 0.087 0.219 0.216 0.220
Adjusted R2 0.006 0.050 0.075 0.172 0.162 0.173

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block

Table 8: Support for Attacks on Coalition Forces on Hours Worked, Logistic Regession Model

(Logit 1) (Logit 2) (Logit 3) (Logit 4) (Logit 5) (Logit 6)

Hours Worked 0.070∗∗∗ 0.220∗∗∗ 0.209∗∗∗ 0.171∗∗∗ 0.052∗∗ 0.401∗∗∗

(0.006) (0.018) (0.019) (0.021) (0.026) (0.075)

Hours Worked (Squared) −0.025∗∗∗

(0.008)

Sectarian Violence No Yes Yes Yes Yes Yes
Insurgent Violence No Yes Yes Yes Yes Yes
Personal Safety Perceptions No No No No Yes No
Support for Militias No Yes Yes Yes Yes Yes
Demographics No Yes Yes Yes Yes Yes
Survey-Date FEs No No Yes Yes Yes Yes
Survey-Block FEs No No No Yes Yes Yes

Observations 24,565 11,946 11,946 11,946 7,100 11,946
R2

Adjusted R2

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01

49



Table 9: Robustness: Individual Neighborhood Exclusions – I

(¬ Rusafa) (¬ Karkh) (¬ Adhamiyah) (¬ Kadhimyah) (¬ Sadr City)

Hours Worked 0.016∗∗∗ 0.017∗∗∗ 0.014∗∗∗ 0.020∗∗∗ 0.019∗∗∗

(0.003) (0.003) (0.003) (0.003) (0.003)

Sectarian Violence Yes Yes Yes Yes Yes
Insurgent Violence Yes Yes Yes Yes Yes
Support for Militias Yes Yes Yes Yes Yes
Demographics Yes Yes Yes Yes Yes
Education Controls Yes Yes Yes Yes Yes
Survey-Date FEs Yes Yes Yes Yes Yes
Survey-Block FEs Yes Yes Yes Yes Yes

Observations 11,600 11,560 10,213 10,992 9,117
R2 0.217 0.215 0.223 0.226 0.231
Adjusted R2 0.171 0.168 0.174 0.180 0.176

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block

Table 10: Robustness: Individual Neighborhood Exclusions – II

(¬ Mansour) (¬ New Baghdad) (¬ Rashid) (¬ Karadah) (¬ Rural)

Hours Worked 0.017∗∗∗ 0.018∗∗∗ 0.017∗∗∗ 0.017∗∗∗ 0.013∗∗∗

(0.003) (0.003) (0.003) (0.003) (0.003)

Sectarian Violence Yes Yes Yes Yes Yes
Insurgent Violence Yes Yes Yes Yes Yes
Support for Militias Yes Yes Yes Yes Yes
Demographics Yes Yes Yes Yes Yes
Education Controls Yes Yes Yes Yes Yes
Survey-Date FEs Yes Yes Yes Yes Yes
Survey-Block FEs Yes Yes Yes Yes Yes

Observations 11,129 11,247 10,348 11,533 9,775
R2 0.224 0.217 0.229 0.217 0.201
Adjusted R2 0.179 0.172 0.182 0.171 0.151

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block
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Table 11: Robustness: Support for Coalition Attacks: Primary, Cook’s Distance, and Over-
time Worker Exclusion Results, Linear Probability Model

(Full Model) (Full Model) (Outlier Exclusion) (Outlier Exclusion) (≤ 40 Hours) (≤ 40 Hours)

Hours Worked 0.031∗∗∗ 0.080∗∗∗ 0.034∗∗∗ 0.078∗∗∗ 0.025∗∗ 0.126∗∗

(0.005) (0.017) (0.005) (0.017) (0.011) (0.059)

Hours Worked (Squared) −0.005∗∗∗ −0.005∗∗∗ −0.018∗

(0.002) (0.002) (0.011)

Sectarian Violence Yes Yes Yes Yes Yes Yes
Insurgent Violence Yes Yes Yes Yes Yes Yes
Support for Militias Yes Yes Yes Yes Yes Yes
Demographics Controls Yes Yes Yes Yes Yes Yes
Survey Block Fixed Effects Yes Yes Yes Yes Yes Yes
Survey Date Fixed Effects Yes Yes Yes Yes Yes Yes

Observations 11,946 11,946 11,451 11,451 8,730 8,730
R2 0.219 0.220 0.281 0.281 0.250 0.250
Adjusted R2 0.172 0.173 0.239 0.240 0.188 0.189

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block

Table 12: Robustness: Pessimism – Unemployed and Students/Housewives/Retirees Com-
pared

Question Subject

(Baghdad) (Family) (Gov’t) (Jobs) (Electricity) (Security) (Police)

Unemployed 0.060∗∗∗ 0.059∗∗∗ 0.056∗∗∗ 0.086∗∗∗ 0.080∗∗∗ 0.059∗∗∗ 0.057∗∗∗

(0.015) (0.013) (0.014) (0.016) (0.017) (0.015) (0.015)

Past Perceptions Yes Yes Yes Yes Yes Yes Yes
Sectarian Violence Yes Yes Yes Yes Yes Yes Yes
Insurgent Violence Yes Yes Yes Yes Yes Yes Yes
Demographics Yes Yes Yes Yes Yes Yes Yes
Survey-Date FEs Yes Yes Yes Yes Yes Yes Yes
Survey-Block FEs Yes Yes Yes Yes Yes Yes Yes

Observations 53,640 53,708 52,756 52,952 53,663 53,537 50,801
R2 0.391 0.338 0.374 0.310 0.326 0.386 0.411
Adjusted R2 0.382 0.328 0.364 0.300 0.317 0.377 0.402

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block
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Table 13: Robustness: Past Perceptions – Unemployed and Students/Housewives/Retirees
Compared

Question Subject

(Baghdad) (Family) (Gov’t) (Jobs) (Electricity) (Security) (Police)

Unemployed −0.012 0.030∗∗ 0.017 0.052∗∗∗ 0.020 −0.003 0.008
(0.016) (0.014) (0.017) (0.016) (0.017) (0.018) (0.018)

Past Perceptions Yes Yes Yes Yes Yes Yes Yes
Sectarian Violence Yes Yes Yes Yes Yes Yes Yes
Insurgent Violence Yes Yes Yes Yes Yes Yes Yes
Demographics Yes Yes Yes Yes Yes Yes Yes
Survey-Date FEs Yes Yes Yes Yes Yes Yes Yes
Survey-Block FEs Yes Yes Yes Yes Yes Yes Yes

Observations 53,640 53,708 52,756 52,952 53,663 53,537 50,801
R2 0.325 0.253 0.311 0.204 0.232 0.334 0.362
Adjusted R2 0.315 0.242 0.301 0.192 0.220 0.324 0.352

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block

Table 14: Robustness: Attitudes Toward Crime Reporting, Police Efficacy, Voting, and the
Use of Violence – Unemployed and Students/Housewives/Retirees Compared

(Reporting) (Police) (Voting) (Violence Support) (Violence Support (Logit))

Unemployed −0.051∗∗ −0.043 −0.049∗∗ −0.021∗ −0.106∗∗

(0.021) (0.031) (0.021) (0.012) (0.050)

Sectarian Violence Yes Yes Yes Yes Yes
Insurgent Violence Yes Yes Yes Yes Yes
Support for Militias No No No Yes Yes
Demographics Yes Yes Yes Yes Yes
Previous Security Perceptions Yes Yes Yes Yes Yes
Survey-Date FEs Yes Yes Yes Yes Yes
Survey-Block FEs Yes Yes Yes Yes Yes

Observations 33,330 28,631 7,135 28,085 28,085
R2 0.265 0.174 0.203 0.173
Adjusted R2 0.249 0.154 0.152 0.152

∗p<0.1 ∗∗p<0.05 ∗∗∗p<0.01
Standard errors clustered by survey block in linear probability models
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Table 15: Summary Statistics – I

Statistic N Mean St. Dev. Min Max

Baghdad Conditions Expectations 102,080 3.037 1.077 1 5
Family Conditions Expectations 101,972 2.926 0.953 1 5
Gov’t Effectiveness Expectations 101,169 3.006 1.068 1 5
Job Availability Expectations 101,558 3.192 1.079 1 5
Electricity Availability Expectations 102,002 3.268 1.137 1 5
Security Expectations 101,916 3.098 1.156 1 5
Iraqi Police Effectiveness Expectations 97,995 2.960 1.119 1 5
Baghdad Conditions Perceptions 108,130 3.768 1.097 1 5
Family Conditions Perceptions 108,414 3.402 0.962 1 5
Gov’t Effectiveness Perceptions 107,132 3.648 1.052 1 5
Job Availability Perceptions 107,191 3.920 0.981 1 5
Electricity Availability Perceptions 108,275 4.035 1.021 1 5
Security Perceptions 108,117 3.798 1.117 1 5
Iraqi Police Effectiveness Perceptions 103,732 3.570 1.121 1 5
Willingness to Report Crime 70,986 2.968 1.024 1 4
Perceived Police Effectiveness 61,338 2.568 1.343 1 5
Intent to Vote in Coming Election 12,401 0.717 0.451 0 1
Hours Worked per Week 47,338 3.209 1.856 0 100
Household Income (weighted) 109,276 0.058 0.049 0.000 1.500
Age 94,900 36.859 13.209 18 103
Female 109,276 0.503 0.500 0 1
Household Size 109,276 7.296 3.581 1 40
Insurgent Violence 109,276 25.440 31.289 0.000 153.000
Sectarian Violence 109,276 5.687 22.423 0.000 257.000
Support for Militias 64,970 1.805 1.002 1 4
Survey Block 109,276 – – 1 4,202
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Table 16: Summary Statistics – II

Statistic N Mean St. Dev. Min Max

Support for Attacks on Coalition Forces 11,946 0.582 0.493 0 1
Hours Worked per Week 11,946 28.70 20.70 0 100
Household Income (weighted) 11,946 0.058 0.041 0.000 0.600
Age 11,946 35.270 11.346 18 99
Female 11,946 0.044 0.204 0 1
Household Size 11,946 7.433 3.290 1 31
Insurgent Violence 11,946 33.399 36.639 0.000 153.000
Sectarian Violence 11,946 6.371 26.614 0.000 257.000
Support for Militias 11,946 1.723 0.969 1 4
Block 11,946 – – 1 4,202
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